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Thai Rice Grain Classification by Using Convolution Neural

Networks
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ABSTRACT

This research introduces a program for the classification
of popular rice varieties in the Chiang Rai province. The
classification is achieved using a Convolutional Neural
Network (CNN) with three classes: Pathum Thani 1 rice,
RD6 rice, and Japanese rice. The methodology involves

capturing images of rice grains using a mobile phone

camera and subsequently processing these images
using a Python program. The rice grain images are then
further analyzed wusing a CNN architecture that
comprises Convolutional Layers, Max-pooling Layers, a
Flatten Layer, and Dense Layers. The system also
manages datasets for the purpose of model creation,
utilizing TensorFlow-Keras algorithms to construct a
model.  This conducted

Sequential research

experiments employing 600 image preprocessing
techniques 1) Color Images: Achieving an accuracy rate
of 83% 2) Grayscale Images: Achieving an accuracy rate
of 84% 3) Thresholded image: Achieving an accuracy
rate of 84%

Keywords - Convolution Neural Networks, Image

Processing, Rice Classification
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